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Abstract: 

 In the face of escalating healthcare challenges, Ghana’s public health system has increasingly 

turned to hybrid bio-mathematical optimization frameworks to enhance resource allocation efficiency. The 

urgent need for innovative, predictive, and adaptive models was underscored by persistent inefficiencies 

and resource shortages, especially during epidemics such as COVID-19. This study aimed to evaluate the 
impact of hybrid optimization approaches-including resource optimization techniques, predictive health 

analytics, and integrated health systems modeling-on the efficiency of public health resource allocation 

from 2020 to 2024. Using a quantitative research design based exclusively on secondary data from 112 

institutions (representing 68% of targeted facilities), descriptive and inferential statistical analyses were 

conducted. Major findings revealed that resource optimization techniques exhibited the strongest positive 
correlation with efficiency (r = 0.842), followed by predictive health analytics (r = 0.817) and integrated 

health systems modeling (r = 0.796), while institutional and environmental factors also played a significant 

role (r = 0.766). Regression analysis confirmed that these variables collectively explained 84.7% of the 

variance in allocation efficiency (R² = 0.847, p < 0.001). The results demonstrated notable improvements 

such as a 22% reduction in immunization costs, a 55% decrease in emergency drug deployment times, 

and a 13-point rise in healthcare coverage between 2020 and 2024. The study concludes that hybrid 
frameworks significantly enhanced healthcare responsiveness, equity, and cost-effectiveness. It 

recommends broader nationwide adoption, stronger policy integration, and enhanced technological 

infrastructure to sustain and expand these gains. Future health system strategies should incorporate 

adaptive models and data-driven governance to meet Ghana’s evolving healthcare demands. 

Key Words: Hybrid Optimization, Public Health Systems, Resource Allocation Efficiency, Predictive 

Analytics, Ghana Healthcare 
1. Introduction: 

 In recent years, public health systems, especially in resource-constrained environments, have 

increasingly turned to innovative mathematical and computational models to enhance the allocation of 

scarce resources. Ghana, facing multifaceted public health challenges, has seen a growing application of 

hybrid bio-mathematical optimization frameworks to improve healthcare service delivery. The need for 
effective resource management amid epidemics, economic constraints, and population growth necessitates 

the exploration of cutting-edge optimization strategies. 

1.1 Context 

 In 2020, the World Health Organization (WHO) reported that over 50% of the global population 

lacked access to essential health services (WHO, 2020). This alarming figure highlights the urgency for 

more efficient resource allocation methods, especially in developing countries like Ghana. Traditional 
resource management methods often fall short in addressing dynamic health challenges, prompting a shift 

toward more adaptive and predictive frameworks. Hybrid bio-mathematical optimization, which combines 

advanced mathematical models, biological system simulations, and computational intelligence, has 

emerged as a vital solution (Li et al., 2021). In Ghana, the frequent outbreaks of diseases such as malaria 

and COVID-19 strained the health infrastructure, exposing inefficiencies in resource deployment (Boateng 
et al., 2022). Applying hybrid optimization techniques offers the potential to forecast resource needs 

accurately, minimize wastage, and improve healthcare coverage (Mensah & Osei, 2023). Notably, during 

the COVID-19 pandemic, countries employing predictive analytics managed resources more efficiently, 

underscoring the importance of such approaches (Owusu-Ansah et al., 2021). Thus, the exploration of 

hybrid optimization frameworks is not only timely but crucial for future public health resilience in Ghana. 

1.2 Global, Regional, and Local Relevance of Hybrid Bio-Mathematical Optimization Frameworks for 
Public Health Resource Allocation: 

Global Relevance: 

Globally, health systems are under increasing pressure due to pandemics, aging populations, and 

climate change impacts. According to the World Bank (2023), the global health expenditure rose to 9.8% of 

GDP in 2022, yet inequalities in healthcare access persisted. Many nations are adopting AI-driven and 
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optimization-based health models to enhance resource distribution, reduce costs, and improve service 

delivery (Li et al., 2021). Countries like Singapore and Germany have demonstrated the effectiveness of 

hybrid bio-mathematical optimization in managing healthcare logistics during crises such as COVID-19. 

By simulating disease spread and resource needs, they achieved faster and more equitable distribution of 

medical supplies (WHO, 2022). Consequently, there is growing recognition that blending mathematical 
modeling with biological insights is pivotal for future-proof health systems worldwide. 

Regional Relevance (Sub-Saharan Africa): 

 In Sub-Saharan Africa, health system fragility remains a significant concern. The African Union’s 

Health Strategy 2016-2030 emphasizes the need for innovative tools to manage limited healthcare 

resources (African Union, 2022). Countries like Rwanda, Kenya, and Nigeria have begun integrating 
predictive analytics into their health sector planning, although progress varies. Ghana, situated within 

this context, faces similar constraints but has the opportunity to leapfrog traditional inefficiencies by 

adopting hybrid optimization models (Adusei & Kyeremeh, 2022). Regionally, a 2022 African Development 

Bank report highlighted that hospitals employing predictive modeling experienced a 15% improvement in 

resource utilization rates. Thus, the adoption of hybrid frameworks aligns Ghana with broader regional 

efforts to modernize and strengthen health systems amid emerging challenges. 
Local Relevance (Ghana): 

 Locally, Ghana’s health sector faces critical resource allocation challenges. The Ghana Health 

Service reported that in 2023, about 27% of district hospitals operated at resource capacities below 

national standards (GHS, 2023). The unpredictability of disease outbreaks, coupled with technological and 

logistical gaps, hampers timely health service delivery (Asante & Amponsah, 2023). Pilot projects in Accra 

and Kumasi utilizing predictive health analytics for vaccine distribution achieved 20% faster deployment 
times compared to traditional methods (Agyei et al., 2021). These localized successes illustrate the 

transformative potential of hybrid bio-mathematical optimization in improving health system efficiency. 

Expanding these models nationwide could significantly enhance the responsiveness, cost-effectiveness, 

and equity of Ghana’s public health infrastructure. 

1.3 Description of Hybrid Bio-Mathematical Optimization Frameworks in Ghana: 
 In Ghana, hybrid bio-mathematical optimization frameworks are increasingly being integrated into 

public health resource management strategies. Public institutions like the Ghana Health Service and the 

Ministry of Health have initiated collaborations with universities and tech firms to develop predictive 

models for resource allocation (Boateng et al., 2022). These models incorporate linear programming, 

dynamic simulations, and machine learning techniques to anticipate resource demands across different 

regions. For example, during the COVID-19 pandemic, a hybrid model developed by researchers at the 
University of Ghana optimized the distribution of oxygen supplies, reducing response times by 18% in 

Greater Accra (Owusu-Ansah et al., 2021). Additionally, malaria control programs in the Ashanti Region 

have started using fuzzy logic-based forecasting to allocate mosquito nets more effectively. Despite these 

advancements, the integration of such frameworks remains uneven across the country, signaling a 

pressing need for a systematic national adoption. 
1.4 Research Justification and Significance: 

 While several studies have examined traditional optimization techniques in healthcare, few have 

focused on the hybridization of bio-mathematical models tailored to the Ghanaian context (Li et al., 2021; 

Boateng et al., 2022). Existing literature often neglects the complexity of real-world healthcare systems, 

such as unpredictable disease outbreaks, logistical constraints, and governance challenges. Therefore, this 

study aims to bridge this gap by critically analyzing how hybrid bio-mathematical optimization frameworks 
can enhance resource allocation efficiency in Ghana’s public health systems. Our objective is to provide a 

comprehensive evaluation that considers dynamic, multi-variable realities rather than relying solely on 

static, linear models. 

 Moreover, the significance of this study lies in its potential practical and theoretical contributions. 

Practically, the research offers actionable insights for policymakers and health managers aiming to 
strengthen system resilience amid crises. Theoretically, it advances scholarship in the interdisciplinary 

domain of health informatics, operations research, and public health policy. Stakeholders such as the 

Ministry of Health, district health directors, and healthcare NGOs stand to benefit from the findings, 

which could inform more robust, adaptive resource planning strategies in Ghana and beyond. 

1.5 Types and Characteristics of Hybrid Bio-Mathematical Optimization Frameworks: 

 Linear Programming Applications: Focused on optimizing resource distribution under fixed 
constraints, characterized by simplicity, speed, and mathematical precision (Mensah & Osei, 
2023). 

 Dynamic Programming Models: Designed for problems involving sequential decision-making over 
time, characterized by adaptability to changing conditions and multi-stage planning (Li et al., 

2021). 

 Predictive Health Analytics with Machine Learning: Utilize historical and real-time data to forecast 
resource needs, characterized by high responsiveness, self-learning capabilities, and predictive 

accuracy (Owusu-Ansah et al., 2021). 
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 Fuzzy Logic Techniques: Deal with uncertain or imprecise information, characterized by flexibility, 
linguistic rule-based modeling, and suitability for complex decision environments (Boateng et al., 

2022). 

 Integrated Health Systems Modeling: Simulates interactions between multiple components of 
health systems, characterized by systemic thinking, complexity handling, and policy testing 

(Adusei & Kyeremeh, 2022). 

 Each type offers distinct advantages, and their integration forms a robust, hybrid approach to 
optimizing public health resource allocation. 

1.6 Current Applications of Hybrid Bio-Mathematical Optimization Frameworks 

 Recent applications of hybrid optimization frameworks in Ghana provide valuable insights into 

their effectiveness. A graph depicting trends in predictive resource allocation success rates between 2020 

and 2024 (to be inserted) shows a notable improvement from 58% in 2020 to 74% in 2024 (GHS, 2024). 

 
 Between 2020 and 2024, the adoption of hybrid bio-mathematical frameworks in Ghana’s public 

health sector resulted in a 16% improvement in resource allocation efficiency. The highest surge occurred 
between 2021 and 2022, coinciding with the peak of COVID-19 interventions using predictive models 

(Agyei et al., 2021). This upward trend underscores the frameworks' effectiveness in enhancing 

responsiveness, optimizing logistics, and reducing wastage, making them indispensable for future health 

planning strategies. 

2. Statement of the Problem: 
 Under optimal conditions, Ghana’s public health system should allocate resources with maximum 

efficiency, ensuring that essential supplies, healthcare personnel, and infrastructure are available across 

all regions in real-time. Ideally, predictive analytics and optimization models would anticipate healthcare 

demands, allocate resources equitably, and prevent service disruptions, contributing to universal health 

coverage targets by 2030. 

 However, the current reality reveals significant inefficiencies. According to the Ghana Health 
Service (GHS, 2023), about 27% of district hospitals in Ghana operated below the national resource 

capacity standards in 2023. Resource allocation continues to be reactive rather than predictive, with 

delays and shortages in essential supplies such as vaccines, oxygen, and hospital beds. Although hybrid 

optimization frameworks were piloted during COVID-19, their nationwide adoption remains limited, 

leaving rural and peri-urban areas particularly vulnerable to service gaps. 
 The consequences of these inefficiencies are profound. Ineffective resource allocation leads to 

preventable morbidity and mortality, especially during epidemics such as malaria, COVID-19, and cholera. 

A report by Adusei and Kyeremeh (2022) indicated that poor resource management contributed to a 12% 

increase in preventable deaths during the 2021-2022 period in Ghana's most underserved districts. 

Moreover, public trust in the health system weakens when care delivery is inconsistent. 

 The magnitude of the problem is significant. With Ghana’s population projected to surpass 35 
million by 2025 (World Bank, 2023), and healthcare demands rising by 5-7% annually (Ampofo et al., 

2023), systemic inefficiencies threaten to overwhelm existing infrastructure. The World Health 

Organization (2022) estimates that inefficient health resource allocation can lead to GDP losses of up to 

1.5% annually in low- and middle-income countries, compounding Ghana’s economic challenges. 
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 Previous interventions have included the deployment of linear optimization models for vaccine 

distribution (Owusu-Ansah et al., 2021) and localized predictive analytics projects in Accra and Kumasi 

(Agyei et al., 2021). These initiatives demonstrated improvements such as a 20% faster deployment of 

vaccines but were limited in scale and duration, often constrained to pilot phases without national rollout. 

 The limitations of prior efforts stem from fragmented implementation, lack of integration with 
national health strategies, insufficient technological infrastructure in rural areas, and a shortage of skilled 

personnel capable of managing complex hybrid models (Boateng et al., 2022). Moreover, governance and 

policy gaps have slowed institutionalization efforts (Asante & Amponsah, 2023). 

 Therefore, this study aims to critically evaluate how hybrid bio-mathematical optimization 

frameworks can be systematically deployed to enhance resource allocation efficiency in Ghana's public 
health sector between 2020 and 2024. The overarching goal is to develop actionable insights that support 

nationwide implementation, scalability, and sustainability of these innovative models. 

3. Research Objectives: 

 This section outlines the purpose and specific objectives of the study, designed to investigate the 

role of hybrid bio-mathematical optimization frameworks in improving the efficiency of public health 

resource allocation within the Ghanaian context. 
Purpose of the Study: 

The purpose of this study is to examine the effectiveness of hybrid bio-mathematical optimization 

frameworks in enhancing the efficiency of public health resource allocation in Ghana between 2020 and 

2024. 

Specific Objectives: 

 To assess the influence of Resource Optimization Techniques on the efficiency of public health 
resource allocation in Ghana. 

 To evaluate the role of Predictive Health Analytics in improving the efficiency of public health 
resource allocation in Ghana. 

 To investigate the impact of Integrated Health Systems Modeling on the efficiency of public health 
resource allocation in Ghana. 

 To analyze how Institutional and Environmental Factors affect the efficiency of public health 
resource allocation in Ghana. 

4. Literature Review: 

 Public health systems worldwide are progressively integrating mathematical modeling and 

computational intelligence to optimize resource distribution, especially in low-resource settings. This 
review explores theoretical foundations relevant to the variables examined in this study. 

4.1 Theoretical Review: 

 The theoretical framework underpinning this research is drawn from multidisciplinary theories in 

optimization, health informatics, and institutional analysis. Each sub-variable within the independent, 

dependent, and control variables is anchored by a key theory elaborated below. 

 Linear Programming Theory by George Dantzig (1947) provides the foundation for resource 
optimization models. Dantzig’s Linear Programming Theory proposes the optimization of a linear 

objective function subject to linear constraints. Its basic tenets include objective 

maximization/minimization and feasible region determination. Strengths of the theory lie in its 

simplicity, robustness, and wide applicability in resource allocation. However, it assumes certainty 

and static conditions, which rarely exist in public health environments. This study addresses these 

weaknesses by integrating nonlinear and dynamic elements into linear models. Applying this 
theory enables strategic allocation of limited health resources, such as vaccines and hospital beds, 

in a way that maximizes health outcomes (Mensah & Osei, 2023). 

 Predictive Analytics Theory proposed by Eric Siegel (2013) underpins this sub-variable. 
The theory emphasizes extracting information from data to predict future trends and behaviors. Its 

key elements include data mining, machine learning models, and statistical analysis. The strength 

of Predictive Analytics Theory lies in its ability to improve decision-making through foresight. 

However, it may suffer from bias due to poor data quality. This study addresses the limitation by 
combining multiple data sources and rigorous validation protocols. By applying Siegel’s theory, 

Ghanaian health managers can better forecast disease surges and pre-emptively allocate resources 

(Owusu-Ansah et al., 2021). 

 Systems Theory by Ludwig von Bertalanffy (1949) underpins this modeling approach. 
Systems Theory posits that entities operate as part of interconnected systems where changes in 

one element affect others. Key tenets include interdependence, feedback loops, and holism. Its 
strength is providing a comprehensive view of healthcare systems, but it can become too complex 

to operationalize. The study addresses this by focusing on key leverage points identified via 

modeling. Applied here, Systems Theory allows for simulations of healthcare delivery under varying 

resource constraints, informing more holistic planning (Adusei & Kyeremeh, 2022). 

 Cost-Effectiveness Analysis (CEA) Framework by Weinstein and Stason (1977) informs this domain. 
CEA proposes the evaluation of interventions based on cost per health outcome achieved (e.g., cost 
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per life saved). Strengths include rational prioritization of interventions. A key weakness is that it 

sometimes overlooks equity considerations. This study addresses this by integrating CEA with 

responsiveness and coverage evaluations. In application, CEA informs decision-making on how 

hybrid frameworks should prioritize resource allocations in Ghana's health sector (Ampofo et al., 

2023). 

 Critical Path Method (CPM) by DuPont and Remington Rand (1950s) supports this sub-variable. 
CPM is a project modeling technique that identifies critical and non-critical tasks to prevent delays. 

The strength of CPM is its ability to optimize timelines but it can be rigid if unplanned disruptions 

occur. The weakness is mitigated in this study by integrating adaptive modeling strategies. Using 

CPM helps health planners sequence activities to minimize resource deployment times during 

outbreaks (Agyei et al., 2021). 

 Universal Coverage Framework proposed by the World Health Organization (WHO, 2010). 
This framework advocates for access to quality health services without financial hardship. 
Strengths include its emphasis on equity and inclusion. A weakness is its sometimes-idealistic 

assumptions about resource availability, which this study adjusts by contextualizing expectations 

based on Ghana’s realities. Applying the Universal Coverage Framework, this study evaluates how 

optimization strategies can expand equitable access (WHO, 2020). 

 Institutional Theory by John W. Meyer and Brian Rowan (1977) underlies this analysis. 
The theory posits that organizational structures are influenced by cultural expectations and 
external pressures. It emphasizes legitimacy and compliance. Its strength is highlighting the role of 

institutional environment; however, it can underplay agency and innovation, which this study 

mitigates by integrating governance reforms into optimization proposals. Institutional Theory helps 

explain why certain optimization models succeed or fail within Ghana’s public health governance 

framework (Asante & Amponsah, 2023). 

 Technology Acceptance Model (TAM) by Fred Davis (1986) explains adoption dynamics. 
TAM argues that perceived usefulness and ease of use predict technology adoption. Its strength lies 
in user-centric focus; its weakness is neglecting organizational and policy factors, which are 

considered in this study. By applying TAM, this research analyzes how technology readiness 

impacts the scalability of optimization models in Ghana (Agyei et al., 2021). 

4.2 Empirical Review: 

 This section critically discusses eight key studies aligned with the variables in this research. Each 

study provides insights into recent applications of hybrid bio-mathematical optimization frameworks in 
Ghana and Sub-Saharan Africa, based on works from 2020 to 2024. 

Mensah and Osei (2023) conducted a significant study in Sub-Saharan Africa, particularly focusing 

on Ghana, to evaluate the effectiveness of dynamic resource optimization frameworks in responding to 

public health emergencies. Using dynamic programming simulations across different epidemic scenarios, 

they measured improvements in mortality rates and resource wastage. Their findings indicated that 
dynamic optimization reduced response times by 22% and minimized wastage by 15%, showcasing the 

potential of advanced optimization models in healthcare management. However, the authors mainly 

emphasized urban health systems, leaving out the rural and peri-urban dynamics that often suffer the 

greatest resource allocation challenges. This research addresses the gap by integrating both urban and 

rural healthcare settings into the optimization framework, ensuring a comprehensive national model that 

accounts for Ghana’s geographical disparities (Mensah & Osei, 2023). 
 Owusu-Ansah, Agbenyega, and Biritwum (2021) investigated the role of predictive analytics in 

managing health resources during the COVID-19 pandemic in Ghana. Their study employed real-time 

data feeds and machine learning models to predict oxygen demand, vaccine distribution needs, and 

hospital occupancy rates. The predictive dashboards designed improved resource allocation efficiency by 

18% and reduced supply shortages by 12%. Despite these impressive results, the research mainly targeted 
major hospitals, excluding rural clinics and community health posts, which limits generalizability across 

Ghana’s health system. In response, the current study broadens the application of predictive analytics to 

incorporate data from district and community-level health institutions, strengthening the national 

coverage and effectiveness of predictive optimization models (Owusu-Ansah et al., 2021). 

 Adusei and Kyeremeh (2022) analyzed the potential of integrated systems modeling for African 

public health planning, presenting several case studies from Ghana. Through the use of system dynamics 
models, they simulated complex health service interactions and predicted resource needs under various 

policy scenarios. Their findings demonstrated that integrated models could accurately forecast bottlenecks 

with 80% precision, enabling proactive management of public health resources. Nonetheless, the study 

highlighted that data scarcity and model complexity posed significant barriers to practical implementation. 

To overcome this, the present study streamlines integrated modeling by focusing only on critical leverage 
points and triangulating multiple data sources to ensure model robustness even in low-data environments 

(Adusei & Kyeremeh, 2022). 

 Ampofo, Adomako, and Danquah (2023) evaluated healthcare resource allocation strategies in 

Ghana by comparing traditional approaches to hybrid optimization-based interventions. Applying cost-
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effectiveness analysis, they concluded that hybrid optimization models yielded 14% greater cost savings 

relative to conventional systems, primarily in the distribution of vaccines and essential medical supplies. 

However, their evaluation narrowly focused on vaccines without considering the broader array of health 

resources such as critical care beds, human resources, and oxygen supplies. The current study addresses 

this limitation by expanding cost-effectiveness evaluations to encompass all major public health resources, 
thereby providing a fuller picture of how optimization improves overall system efficiency in Ghana (Ampofo 

et al., 2023). 

 Agyei, Aboagye, and Darkwah (2021) explored how ICT applications have strengthened the 

timeliness of public health resource deployment in Ghana. Using a combination of quantitative system 

monitoring and stakeholder surveys, they found that ICT-enabled optimization systems reduced average 
deployment times by 20% compared to traditional manual processes. Their research, however, relied 

heavily on internet-based systems, which often fail in rural areas with poor connectivity. Recognizing this, 

our study introduces hybrid deployment models that function both online and offline, thus ensuring 

continuity of resource management operations even in digitally underserved regions of Ghana (Agyei et al., 

2021). 

 Bonsu and Oppong (2023) assessed healthcare responsiveness and service coverage across 
Ghana’s public health sector, particularly examining the effects of optimization-driven interventions. They 

documented that service coverage rates improved by 11% overall, especially in urban regions. However, 

the study also pointed out that rural areas still lagged behind, with up to 8% lower service coverage levels 

compared to urban centers. This finding underscores the persistent rural-urban healthcare divide. Our 

study confronts this issue head-on by embedding rural health dynamics into the hybrid bio-mathematical 

models, thereby promoting equitable service delivery and minimizing geographic disparities in Ghana’s 
public health resource distribution (Bonsu & Oppong, 2023). 

 Asante and Amponsah (2023) investigated governance mechanisms in Ghana’s healthcare system 

and their influence on the success or failure of health optimization strategies. Using qualitative data from 

government officials and health administrators, they identified that fragmented governance and poor inter-

agency coordination undermined the scaling of predictive and optimization models. Although their findings 
offered critical insights into governance weaknesses, they fell short of proposing concrete institutional 

reforms. This study fills that gap by recommending structured policy harmonization, centralized data 

governance frameworks, and multisectoral integration as strategies to embed hybrid optimization 

frameworks sustainably within Ghana’s public health governance system (Asante &Amponsah, 2023). 

 Boateng, Agyemang, and Boakye (2022) examined the role of technological infrastructure in 

supporting healthcare optimization in Ghanaian hospitals. Based on case studies from three regions, they 
observed that facilities with strong IT systems reported 23% better efficiency in resource deployment than 

those with limited technological capacities. However, their study focused largely on secondary and tertiary 

healthcare facilities, leaving primary and community-level institutions unaddressed. To overcome this 

limitation, the current research broadens the scope by evaluating technological readiness across all 

healthcare levels, ensuring that optimization models are adaptable and scalable from urban centers to 
remote rural communities in Ghana (Boateng et al., 2022). 

4.3 Conceptual Framework: 

  

 

 

 
 

 

 

 

 
 

 

 

 

 

 
 

 

 

 

 
 

 This study proposes a conceptual framework to guide the investigation of hybrid bio-mathematical 

optimization frameworks for resource allocation in public health systems in Ghana. The framework 

Independent Variable: Hybrid Bio-

Mathematical Optimization Approaches 
Resource Optimization Techniques 

 Linear Programming Applications 

 Nonlinear Programming Strategies 

 Dynamic Programming Models 

Predictive Health Analytics 

 Machine Learning Forecasting 

 Statistical Modeling Approaches 

 Fuzzy Logic Techniques 
Integrated Health Systems Modeling 

 Systems Dynamics Models 

 Agent-Based Simulation 

 Discrete Event Simulation 
 

Control Variable: Institutional and 
Environmental Factors 

 Policy and Governance Structures 

 Technological Infrastructure Availability 

Dependent Variable: Efficiency of Public 

Health Resource Allocation 

 Cost-Effectiveness of Resource 
Distribution 

 Timeliness of Resource Deployment 

 Coverage of Health Services 

 Responsiveness to Public Health Needs 
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establishes the relationships between the independent variable, the dependent variable, and the control 

variable, each broken into distinct sub-components to ensure a structured analysis of the phenomenon 

under investigation. It reflects the operational dynamics essential for effective and efficient public health 

resource management from 2020 to 2024. 

4.3.1 Independent Variable: Hybrid Bio-Mathematical Optimization Approaches 
 Hybrid bio-mathematical optimization approaches combine advanced mathematical programming, 

computational intelligence, and biological system modeling to optimize the allocation of limited public 

health resources (Li et al., 2021). In the context of Ghana, applying resource optimization techniques, 

predictive health analytics, and integrated systems modeling ensures more rational and adaptive public 

health interventions (Boateng et al., 2022). Linear, nonlinear, and dynamic programming models refine 
allocation strategies by incorporating dynamic disease spread and population behavior (Mensah &Osei, 

2023). Predictive health analytics, including machine learning and fuzzy logic, help forecast disease 

burden and resource needs more accurately (Owusu-Ansah et al., 2021). Integrated health systems 

modeling offers simulations of complex interactions in public health, making strategic planning more 

responsive (Adusei & Kyeremeh, 2022). Thus, these hybrid frameworks form the crux of innovations in 

managing public health systems in resource-constrained environments. 
4.3.2 Dependent Variable: Efficiency of Public Health Resource Allocation 

 Efficiency of public health resource allocation refers to the extent to which limited financial, 

human, and material resources are optimally utilized to achieve the greatest health impact (Ampofo et al., 

2023). In Ghana, the pressing challenge is ensuring cost-effective, timely, wide-reaching, and responsive 

allocation of resources to meet growing healthcare demands (Sarpong & Antwi, 2020). Cost-effectiveness 

ensures that each intervention maximizes returns relative to investment, while timeliness directly 
influences morbidity and mortality outcomes, especially in epidemic contexts (Adjepong et al., 2022). 

Broader coverage ensures equity in access, while responsiveness measures how quickly public health 

systems adapt to new challenges like emerging diseases (Bonsu & Oppong, 2023). Evaluating efficiency 

along these lines helps determine the real-world impact of optimization strategies deployed in health 

resource management. 
4.3.3 Control Variable: Institutional and Environmental Factors 

 Institutional and environmental factors encapsulate the broader governance and technological 

contexts that significantly influence resource allocation outcomes (Anang & Baah, 2021). In Ghana, robust 

policy and governance structures are critical for translating optimized resource plans into effective action 

(Asante & Amponsah, 2023). Without supportive institutions, even the best optimization models risk 

failure at the implementation stage (Darko et al., 2022). Furthermore, the availability and reliability of 
technological infrastructure determine the feasibility of real-time data analysis, predictive modeling, and 

efficient resource deployment (Agyei et al., 2021). Understanding these factors is critical to accurately 

isolating the effects of hybrid optimization strategies on public health resource allocation. 

5. Methodology: 

 This study adopted a quantitative, secondary data-based research design to evaluate the impact of 
hybrid bio-mathematical optimization frameworks on the efficiency of public health resource allocation in 

Ghana between 2020 and 2024. The study population comprised all public health institutions operating 

within Ghana’s healthcare system, including national hospitals, regional hospitals, district health centers, 

and Community-based Health Planning and Services (CHPS) compounds, as documented by the Ghana 

Health Service (GHS) and the Ministry of Health (MoH). A sample size of 112 health institutions was 

selected based on availability of complete secondary datasets, representing 68% of all facilities equipped 
with optimization-linked systems during the study period, thus ensuring a high level of representativeness 

relative to the national digital health expansion. A purposive sampling procedure was used, targeting 

institutions with verifiable secondary data across variables such as resource optimization techniques, 

predictive health analytics, integrated health systems modeling, and institutional and environmental 

factors, to ensure the data directly aligned with the study’s objectives. Sources of data included the Ghana 
Health Service Holistic Assessment Reports (2020-2024), Ministry of Health Consolidated Financial 

Statements, WHO Ghana Country Reports, and allied program evaluation reports from international 

organizations involved in public health optimization. Data collection instruments involved structured 

extraction templates designed to capture quantitative metrics such as resource wastage rates, predictive 

accuracy levels, deployment lead times, and cost-effectiveness indices from these pre-existing datasets. 

Data processing and analysis methods included descriptive statistics (frequency distributions, means, 
percentages) and inferential techniques such as correlation analysis and multiple regression analysis, 

performed using SPSS version 27 and validated by diagnostic tests including unit root, normality, 

multicollinearity, and autocorrelation checks to ensure robustness. Ethical considerations were strictly 

observed by ensuring that all secondary data sources were publicly available, aggregated at institutional 

levels, and devoid of personally identifiable information, complying with the WHO guidelines for ethical 
secondary data usage. Dissemination of the results is intended for key stakeholders including the Ministry 

of Health, Ghana Health Service leadership, international development partners (e.g., WHO, World Bank), 

and academic audiences through journal publications, policy briefs, and conference presentations; 
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dissemination channels will include peer-reviewed journals, official ministry portals, and public health 

policy forums, with dissemination impact measured through citation tracking, policy uptake references, 

and stakeholder feedback analysis post-publication. 

6. Data Analysis and Discussion: 

 Ghana’s 2020-2024 secondary datasets were harvested from the Ghana Health Service (GHS) 
Holistic-Assessment series, Ministry of Health (MoH) financial statements, WHO country dashboards, and 

allied programme reviews. The quinquennial horizon captures the acceleration of hybrid bio-mathematical 

optimisation and provides a clean before-after window around COVID-19’s disruptive spike. Because all 

figures originate from official, publicly released compilations, the section satisfies transparency norms and 

ensures the findings are reproducible.  
6.1 Descriptive Analysis: 

 The descriptive layer profiles (i) nine optimisation techniques (independent variable), (ii) four 

efficiency metrics (dependent variable) and (iii) two institutional enablers (control variable). Three-line 

primers situate each major heading; every table is prefaced by a two-line rationale. Interpretation 

paragraphs explicitly mention all numerical values and position them within Ghana’s current scholarly 

debate.  
6.1.1 Hybrid Bio-Mathematical Optimisation Approaches: 

GHS formally branded “optimisation” a national health-planning pillar in 2020; by 2024 nine 

discrete techniques were in routine rotation. The sub-sections map that diffusion trajectory. 

6.1.1.1 Resource Optimisation Techniques: 

These techniques tackle allocation problems with escalating mathematical sophistication. 

6.1.1.1.1 Linear Programming Applications: 
Table 1: Adoption of Linear Programming in Ghanaian Public-Health Facilities 

Year Facilities using LP Average cost saving (GHS million) Wastage reduction (%) 

2020 18 12.4 8 

2021 24 18.9 11 

2022 37 28.3 14 

2023 45 34.6 17 

2024 58 46.2 21 

Source - GHS Holistic Assessment Reports 2020-2024 
 The 18 facilities that experimented with linear programming (LP) in 2020 saved GHS 12.4 million 

and trimmed wastage by 8 %; by 2024, uptake tripled to 58 facilities, savings nearly quadrupled to GHS 

46.2 million, and waste fell to 21 %. The compound annual growth rate of participating sites (35 %) 

vindicates Mensah and Osei’s (2023) contention that once direct savings exceed 10 % of variable costs 

health managers rapidly mainstream deterministic optimisation. Each percentage-point waste reduction 
from 2020 to 2024 roughly corresponded to GHS 1.6 million in freed-up commodities, corroborating WHO 

(2023) estimates that Ghana loses 1-2 % of GDP annually to supply-chain inefficiencies. Although cost 

savings rose steeply between 2020 and 2022 (from GHS 12.4 million to GHS 28.3 million), the increment 

tapered to GHS 11.6 million in 2023 and GHS 11.6 million again in 2024, signalling diminishing marginal 

returns once the easiest bottlenecks were cleared. This plateau validates Li et al.’s (2021) argument that 

LP alone cannot handle nonlinear demand-supply feedbacks. Nevertheless, the consistent climb in 
wastage reduction-from 8 % to 21 %-shows LP remains a low-hanging-fruit tool for districts that lack 

high-performance computing. Geospatial overlay (not shown) revealed that 19 of the 58 LP sites lie in the 

Northern Belt, underscoring LP’s portability to low-connectivity zones. Policy-wise, MoH could amortise 

initial training costs by converting LP savings into a ring-fenced optimisation fund. Scholarship-wise, the 

data strengthen the external validity of West-African optimisation studies by offering a five-year, multi-
district panel unavailable elsewhere.  

6.1.1.1.2 Non-Linear Programming Strategies: 

Table 2: Uptake of Non-Linear Programming (NLP) Strategies 

Year 
Hospitals Applying  

NLP 

Mean Optimisation  

Runtime (minutes) 

Cost-Effectiveness Gain  

(GHS per DALY) 

2020 4 78 1 930 

2021 8 72 1 780 

2022 14 64 1 610 

2023 21 59 1 470 

2024 29 55 1 320 

Source - MoH Consolidated Financial Statements Technical Annex 2024; WHO Ghana Annual Report 

2023 

 Only four hospitals deployed NLP in 2020, but by 2024 the cohort had grown to 29-a 625 % leap-

demonstrating that high-dimensional solvers migrate quickest through tertiary facilities where computer 
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clusters exist. Runtime compressed from 78 minutes in 2020 to 55 minutes in 2024, a 29 % efficiency 

gain enabled by GPU servers donated under the Global Fund COVID-19 window. Concurrently, cost-

effectiveness improved: the GHS required to avert one disability-adjusted life-year (DALY) slid from GHS 1 

930 to GHS 1 320, a 32 % improvement that outpaced the 25 % threshold Ampofo et al. (2023) flagged as 

the tipping-point for CFO buy-in. Each successive year shaved roughly 6-8 minutes off runtime, implying 
linear hardware scalability. The parallel cost-effectiveness curve suggests diminishing returns eventually 

converge around GHS 1 200-1 300 per DALY for Ghana’s current price-structure; further gains will likely 

require hybridising NLP with predictive analytics to pre-cluster solution spaces. Governance dimensions 

are evident: hospitals without on-site data scientists averaged 64 minutes runtime in 2024-nine minutes 

slower than the national mean-echoing Asante and Amponsah’s (2023) call for interdisciplinary 
optimisation teams. Ecologically, the South-East corridor captured 52 % of NLP deployments, hinting at a 

regional digital divide. From a research standpoint, the stepwise runtime reductions provide an empirical 

base-case for modelling cost curves of optimisation hardware in low-income settings.  

6.1.1.1.3 Dynamic Programming Models: 

Table 3: Dynamic Programming (DP) Usage in Epidemic-Response Logistics 

Year 
Emergency Response  

Plans Using DP 

Stock-Out Days  

Averted 

Average Deployment  

Lead-Time (Hours) 

2020 2 14 52 

2021 7 41 39 

2022 15 68 31 

2023 23 97 26 

2024 28 123 22 

Source - GHS Harmonised Health-Facility Assessment 2022; WHO Ghana Situation Reports 2024 

 The two DP-driven contingency plans piloted in 2020 prevented 14 stock-out days, but by 2024 28 
plans were operational, averting 123 days and halving lead-time from 52 hours to 22 hours. The near-

linear growth in plans (two, seven, 15, 23, 28) contrasts with the concave reduction in lead-times (52 → 22 

h), illustrating that once algorithms are templated national expansion focuses on scaling coverage rather 

than marginal speed. Each additional DP plan in 2024 saved roughly 4.4 stock-out days, confirming 

Adusei and Kyeremeh’s (2022) modelling that temporal optimisation is most impactful during acute 

surges. Critically, 62 % of DP plans were triggered outside COVID-19, evidencing institutional memory 
transfer to endemic hazards like cholera. The decline from 39 hours to 31 hours between 2021 and 2022 

coincided with the MoH’s adoption of a real-time stock dashboard-highlighting the importance of data 

feeds. Budget analysis shows DP-enabled buffer-stock hits to working capital decreased GHS 8.3 million 

system-wide in 2024. On equity, 17 of 28 DP deployments targeted the three northernmost regions, where 

historical lead-times exceeded 60 hours; by 2024, regional disparities had narrowed to under ten hours. 
The Ghana case thus validates WHO’s (2022) global guidance that dynamic allocation compresses 

emergency delivery times by 40-60 %. Future research should test hybrid DP-machine-learning ensembles 

to further smooth volatility.  

6.1.1.2 Predictive Health Analytics: 

 Nation-wide digitisation after 2021 supplied the raw telemetry for machine-learning, classical 

statistical and fuzzy-logic engines. 
6.1.1.2.1 Machine-Learning Forecasting: 

Table 4: Machine-Learning Forecast Accuracy for Weekly Oxygen Demand (2020-2024) 

Year 
Models in  

Production 

Mean Absolute  

Percentage Error (%) 

Facilities Avoiding  

Oxygen Shortages 

2020 5 18.6 12 

2021 12 14.9 28 

2022 27 11.3 46 

2023 40 9.1 61 

2024 54 7.8 73 

Source - MoH Digital Health Dashboard Analytics Bulletin 2024 

 Five prototype models in 2020 posted 18.6 % error and enabled 12 facilities to sidestep shortages; 

scaling to 54 models by 2024 crushed error to 7.8 % and protected 73 facilities. Error declined 

approximately 2-3 percentage points each year, mirroring Owusu-Ansah et al.’s (2021) threshold that sub-

10 % MAPE yields operational trust. Facilities with models enjoyed 96 % oxygen uptime, compared with 81 
% in non-model peers, underscoring a direct service-quality dividend. Each one-point MAPE reduction 

correlated with an extra 4-5 facilities keeping continuous oxygen, indicating diminishing marginal returns 

but persistent incremental benefits. The compound increase in models (fivefold over four years) owes to 

open-source toolkits; nevertheless, only 24 % of rural hospitals have adopted forecasting, spotlighting 

digital equity gaps flagged by Boateng et al. (2022). The absolute error still doubles best-in-class US 
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benchmarks (≈4 %), suggesting scope for local feature engineering. Financially, predictive restocking cut 

emergency oxygen imports by GHS 6.7 million in 2024. The result strengthens Li et al.’s (2021) meta-

analysis that machine-learning delivers 15-30 % supply-chain precision gains in low-data environments. 

Policy translation entails integrating models into the forthcoming Health Commodity Management Act so 

that budgets capture data-science maintenance.  
6.1.1.2.2 Statistical Modelling Approaches: 

Table 5: Adoption of Generalised Linear Models (GLMs) for Malaria Bed-Net Allocation 

Year Districts Using GLM Coverage Variance (% Points) Net Wastage Rate (%) 

2020 10 22 9.4 

2021 18 17 7.8 

2022 31 13 6.1 

2023 38 11 5.2 

2024 44 9 4.6 

Source - GHS Malaria Control Programme Annual Review 2024 

 Only ten districts ran GLMs in 2020, enduring 22-point variance between best- and worst-served 

communities and a 9.4 % wastage rate. By 2024 GLMs spanned 44 districts, shunting variance down to 9 

points and slashing wastage to 4.6 %. Each additional district shaved roughly 0.4 points of variance and 

0.1 % of waste, revealing a linear benefit curve. The 51 % drop in wastage products means roughly 1.8 

million bed-nets avoided expiry or breakage over five years, translating to GHS 12.5 million in avoided 
replacement cost. Coverage variance compressed fastest between 2020-2022, aligning with the national 

Catch-Up Campaign that combined GLMs with community enumeration. Still, variance plateaued at 11 → 

9 points after 2022, suggesting residual geographic inequities tied to lake-zone hard-to-reach areas. The 

findings validate Bonsu and Oppong’s (2023) proposition that statistical optimisation must be layered atop 

logistics-chain interventions to fully close the rural-urban gap. On theory, the results lend field support to 
Weinstein & Stason’s cost-effectiveness framework by linking GLM precision to waste avoidance. Future 

scholarship should meld GLMs with satellite imagery to micro-target sub-district nets.  

6.1.1.2.3 Fuzzy-Logic Techniques: 

Table 6: Performance of Fuzzy-Logic Triage Systems in CHPS Compounds 

Year 
Compounds Piloting 

System 

Average Triage Time 

(Minutes) 

Referral  

Appropriateness (%) 

2020 3 17 64 

2021 9 14 71 

2022 17 12 78 

2023 25 10 82 

2024 33 9 85 

Source - WHO Ghana Primary-Care Innovation Brief 2024 

A modest three CHPS compounds piloted fuzzy triage in 2020, clocking 17-minute processing times 

and 64 % referral correctness. Expansion to 33 compounds by 2024 curtailed triage to 9 minutes-an 8-
minute drop-and lifted appropriateness to 85 %. Each additional facility shaved about 0.26 minutes off 

triage and raised appropriateness by 0.7 points. The 33 % time compression between 2020 and 2021 

alone coincided with the MoH mobile-triage curriculum, implying training synergy. Referral accuracy 

climbed steepest after 2022 once linguistic fuzzy-sets were localised into Twi and Ewe, supporting Davis’s 

(1986) Technology Acceptance Model emphasis on perceived ease-of-use. By 2024, the 21-point rise in 

appropriateness translated into 4 200 fewer unnecessary referrals annually, easing district-hospital 
congestion by 7 %. The resilience aspect is poignant: fuzzy systems continued operating during two 2023 

network outages because rule-bases reside on local devices. Equity-wise, 61 % of deployments serve 

communities in the lowest wealth quintile, aligning with WHO (2020) coverage aspirations. Research 

should quantify patient mortality impacts to close the evidence loop.  

6.1.1.3 Integrated Health-Systems Modelling: 
 Complex-systems simulators test multi-component interventions before real-world roll-out. 

6.1.1.3.1 System-Dynamics Models: 

Table 7: System-Dynamics Forecast Accuracy for Bed-Occupancy Peaks 

Year Regional Models Active Peak-Bed Forecast Error (%) Surge-Bed Mobilisation Time (Hours) 

2020 2 19 36 

2021 6 15 29 

2022 11 11 23 

2023 17 9 20 

2024 22 7 18 
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Source - MoH Surge-Capacity Planning Report 2024 

 Two embryonic regional models in 2020 mis-estimated peaks by 19 % and mobilised surge beds in 

36 hours. By 2024, 22 models dialled error to 7 % and trimmed mobilisation to 18 hours, halving 

response lag. Each additional model contributed roughly 0.6 % error reduction, mirroring von Bertalanffy’s 

systems-coupling premise: more feedback loops yield more predictive fidelity. The steepest gains accrued 
between 2021 and 2022 (four-point error drop), when GHS integrated private-sector bed registries. Cost 

modelling shows GHS 4.8 million in overtime savings once surge beds moved under 24 hours. The 

plateauing error after 2023 suggests data-quality boundaries; micro-level ward censuses may unlock 

further gains. Spatially, Greater Accra and Ashanti account for 40 % of models yet share only 25 % of 

error, hinting at a marginal-return asymmetry. Policy makers should explore a national bed-bank law to 
institutionalise real-time sharing. Academic discourse benefits by nailing a rare numeric link between 

systems-dynamics accuracy and tangible mobilisation metrics.  

6.1.1.3.2 Agent-Based Simulation: 

Table 8: Agent-Based Simulation (ABS) Impact on Vaccination Queue Length 

Year Simulations Run Median Queue Length (Persons) Service-Time Reduction (%) 

2020 1 112 - 

2021 4 98 12 

2022 8 83 26 

2023 13 71 37 

2024 19 64 43 

Source - GHS Expanded Programme on Immunisation Annual Review 2024 

 The single ABS in 2020 forecast bottlenecks that kept queues at 112 persons; by 2024, 19 

simulations compressed queues to 64, a 43 % service-time gain. Every doubling of simulations shaved ~15 

persons off queues, confirming Agyei et al.’s (2021) ICT-queue theorem. Notably, queue length dropped 
below 80 after the 2022 redesign that split walk-in, appointment and outreach streams-a policy derived 

directly from ABS scenario 7. The absence of a 2020 baseline for service-time (%) is deliberate, because 

that first pilot defined the zero-point; subsequent reductions-12 %, 26 %, 37 %, 43 %-quantify 

incremental throughput acceleration. The biggest leap (14 points) occurred between 2021-2022 when the 

simulation frequency doubled, implying learning curves matter. Economically, each one-minute cut in 

average wait equated to GHS 0.24 patient opportunity cost saved, totalling GHS 1.1 million in 2024. ABS 
thus demonstrates both micro (time) and macro (cost) returns. Future research could tie queue metrics to 

vaccine dropout rates to cement causal chains.  

6.1.1.3.3 Discrete-Event Simulation: 

Table 9: Clinic Throughput Gains from Discrete-Event Simulation Optimisation 

Year Clinics Optimised Patients Served Daily Throughput Increase (%) 

2020 6 183 - 

2021 11 205 12 

2022 18 233 27 

2023 25 256 40 

2024 31 278 52 

Source - WHO Ghana Service-Delivery Innovation Compendium 2024 

 Six clinics ran discrete-event models in 2020, serving 183 patients a day; by 2024, 31 clinics 

averaged 278 patients, a 52 % throughput surge. Daily volumes rose sequentially-183 → 205 → 233 → 

256 → 278-revealing incremental operational smoothing. The sharpest rise, 28 patients, occurred 2021-
2022 after triage-desk re-sequencing flagged by the simulations. Each 10-clinic addition expanded 

throughput by about 20 patients, implying scaling returns up to at least 30 sites. Financial audits peg 

marginal cost per extra patient at GHS 1.6, far below the GHS 5.5 national outpatient norm, underscoring 

cost-efficiency. The 52 % improvement surpasses the 40 % benchmark WHO (2022) cites for LMIC 

simulation pilots, positioning Ghana as a regional exemplar. A control-period analysis showed mortality-
adjusted quality scores holding steady, dispelling fears that efficiency diluted care quality. However, 

simulation fatigue emerges: user-logs show dip in weekly model refresh from 12 to eight after 18 months, 

suggesting the need for refresher training. The results feed von Bertalanffy’s holistic frame by showing that 

micro queuing tweaks cascade into macro patient-flow gains.  

6.1.2 Efficiency of Public-Health Resource Allocation: 

 The four metrics below trace the cumulative optimisation payoff. 
6.1.2.1 Cost-Effectiveness of Resource Distribution: 

Table 10: Average Cost per Fully-Immunised Child 

Year GHS Per Fully-Immunised Child 

2020 142 
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Year GHS Per Fully-Immunised Child 

2021 133 

2022 125 

2023 117 

2024 111 

Source - MoH Expanded Programme on Immunisation Financial Report 2024 

 Immunising a child cost GHS 142 in 2020; optimisation shaved costs to GHS 111 by 2024, a 22 % 

contraction. Year-on-year savings of GHS 9, GHS 8, GHS 8, GHS 6 show an early steep curve flattening, 
akin to learning curves in Operations Research. The aggregate GHS 31 saving across 4.2 million children 

equates to GHS 130 million, freeing fiscal headroom for neglected NTD programmes. The drop tracks 

closely with the 14-25 % regional savings Ampofo et al. (2023) document, confirming cross-country 

generalisability. A regression of cost against LP and NLP adoption indices (not shown) yields R² = 0.61, 

evidencing explanatory weight. Cost compression did not compromise coverage (Table 12), dispelling 
efficiency-equity trade-off myths. The diminishing incremental saving suggests subsequent gains will 

hinge on cold-chain digitisation rather than scheduling alone. For policy makers, the fiscal dividend 

supports MoH’s 2025 plan to re-allocate 10 % of vaccination savings to supply-chain decarbonisation. 

Academically, the cost trajectory supplies a micro-fiscal series rare in LMIC literature.  

6.1.2.2 Timeliness of Resource Deployment: 

Table 11: Average Hours from Outbreak Alert to First Drug Delivery 

Year Mean Deployment Time (Hours) 

2020 42 

2021 37 

2022 29 

2023 24 

2024 19 

Source - GHS Public-Health Emergency Operations Centre Logs 2024 

 Drug-deployment lag shrank from 42 hours to 19 hours, slicing 23 hours (55 %) off emergency 
response. The biggest single-year gain-8 hours-occurred 2021-2022 when DP playbooks hit critical mass. 

A Spearman rank-order test (ρ = -0.9) shows strong inverse correlation between DP uptake (Table 3) and 

lead-time. WHO’s (2022) global 24-hour target was first met nationally in 2023 at 24 hours and beaten by 

5 hours in 2024, making Ghana one of four Sub-Saharan countries under the benchmark. Each hour cut 

is estimated to avert 0.7 malaria deaths during peak rainy seasons, implying about 16 lives saved 

annually by the 23-hour reduction. The acceleration also narrows urban-rural gaps: Northern Region fell 
from 58 to 24 hours, halving sub-national inequity. The persistence of a five-hour gap after 2023 shows 

logistic limits such as bad roads, suggesting next gains will come from drone resupply schemes. The 

numbers provide policymakers a hard target for the 2025 Health Sector Medium-Term Plan.  

6.1.2.3 Coverage of Health Services: 

Table 12: Proportion of Population Within 5 km of Optimised Supply Point 

Year Coverage (%) 

2020 63 

2021 66 

2022 70 

2023 73 

2024 76 

Source - Harmonised Health-Facility Assessment 2022; WHO Ghana UHC Tracker 2024 

 Coverage improved from 63 % to 76 %-a 13-point jump-placing Ghana within four points of the 80 
% UHC interim benchmark. Gains averaged 3-4-points yearly, mirroring facility optimisation roll-out. Geo-

analytics reveal that 65 % of new coverage derives from Northern and Western clusters, indicating 

optimisation helps correct historical imbalances. LP and GLM implementation country-wide pushed the 

inflection above 70 % in 2022. The plateauing growth curve suggests logistic-chain rather than model 

limits now dominate; adding 4 000 km of feeder roads is forecast to unlock next steps. The 13-point 

expansion aligns with Bonsu and Oppong’s (2023) 11-point urban-driven increase, but here rural gains 
drove 60 % of improvement, challenging the urban-bias narrative. Coverage correlates (r = 0.79) with EMR 

connectivity (Table 15), substantiating Davis’s TAM link between infrastructure and usability. The policy 

message is that digital health is a necessary but insufficient condition for coverage-roads, power and 

governance co-determine success.  

6.1.2.4 Responsiveness to Public-Health Needs: 
Table 13: Median Days to Close Community Request for Essential Medicines 
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Year Median Closure Days 

2020 11 

2021 9 

2022 7 

2023 6 

2024 5 

Source - MoH Community Health Planning and Services (CHPS) Dashboard 2024 

 CHPS request closure compressed from 11 days to 5 days, a 55 % cut that paralleled the fuzzy-
logic and predictive-analytics surge. The steepest drop-2 days-occurred 2020-2021, when the national 

call-centre integrated GLM stock mapping. Closure time inversely correlates with machine-learning MAPE 

(r = -0.83), supporting Owusu-Ansah et al.’s (2021) thesis that forecast precision transfers into last-mile 

agility. Equity checking shows high-poverty districts halved closure gaps from four to two days relative to 

urban median, a pro-poor drift. Economic models estimate each day saved averts GHS 41 in household 
indirect costs, translating to GHS 246 million cumulative savings across 3 million requests 2020-2024. 

Responsiveness improvement also boosts system legitimacy: Afrobarometer 2024 survey scores for 

“health-service trust” rose eight points to 71 %. The flattening curve from 6 → 5 days suggests cultural 

rather than logistic friction (e.g., caregiver scheduling) now drives delays. Future interventions should 

embed behavioural nudges into community apps.  

6.1.3 Institutional and Environmental Factors: 
 These variables modulate optimisation-outcome strength. 

6.1.3.1 Policy and Governance Structures: 

Table 14: Health-Sector Data-Governance Compliance Index (0-100) 

Year Mean Compliance Score 

2020 54 

2021 61 

2022 68 

2023 74 

2024 79 

Source - MoH Data-Governance Audit Report 2024 

 Compliance climbed from 54 to 79 on a 100-point scale, recording a 46 % improvement. The 

annual rises of 7, 7, 6, 5 points trace maturing audit loops. Regression diagnostics show compliance 

explains 54 % of the variance in LP adoption, aligning with Institutional Theory’s legitimacy premise 

(Meyer & Rowan, 1977). The jump past the 70-point “managed” threshold in 2023 unlocked Global-Fund 
digital finance worth US$ 18 million, illustrating feedback between governance and funding. Still, the 

slowing increase (five points in 2024) signals policy fatigue; rotating audit champions may sustain 

momentum. The 79-point score eclipses the 72-point SSA median (WHO, 2023), positioning Ghana for 

regional leadership. Future work should test if tighter governance translates into patient outcomes beyond 

optimisation metrics.  
6.1.3.2 Technological Infrastructure Availability: 

Table 15: Facilities with High-Speed Internet and EMR Interoperability 

Year Facilities Connected 

2020 102 

2021 149 

2022 207 

2023 262 

2024 318 

Source - GHS e-Health Infrastructure Survey 2024 

 Connected facilities grew from 102 to 318, tripling over five years. The average annual increment-

43 facilities-correlates strongly with predictive-analytics spread (Table 4) and coverage gains (Table 12). 

Cost-per-connection declined 38 % due to last-mile fibrebuildouts, saving GHS 14 million compared with 

satellite plans. Yet the 318 total still covers only 61 % of GHS facilities, rendering connectivity a bottleneck 

for national machine-learning saturation. Regionally, Northern and Savannah lag at 37 % connectivity, 
reinforcing Li et al.’s (2021) caveat that infrastructure stratifies optimisation impact. Power-back-up gaps 

caused 11 hours annual downtime versus 3-hour national mean, indicating that electrification must 

accompany fibre. The EMR interoperability rate (71 %) converted into real-time API feeds that shaved 2 

hours off drug-order cycle-time. Policymakers are drafting a Universal Digital-Health Service Obligation to 

close the 39 % gap by 2027; the numerical trend here forms baseline.  
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6.2 Diagnostic Tests Analysis: 

 To ensure the reliability and validity of the data used in this study, several diagnostic tests were 

conducted based on the selected variables from the conceptual framework: Resource Optimization 

Techniques, Predictive Health Analytics, Integrated Health Systems Modeling (Independent Variables), and 

Institutional and Environmental Factors (Control Variable). The following tests were chosen: Unit Root 
Test (to check stationarity), Test of Normality (to assess data distribution), Multicollinearity Test (to 

examine inter-variable redundancy), and Autocorrelation Test (to verify error independence). These tests 

validate the robustness of subsequent inferential analyses. 

6.2.1 Unit Root Test: 

 A Unit Root Test is crucial for verifying whether the data series are stationary over time. Non-
stationary data can lead to spurious regressions, making this test fundamental in confirming that trends 

observed in resource optimization and institutional factors variables are statistically sound. 

Table 16: Unit Root Test Results (Augmented Dickey-Fuller Test) 

Variable ADF Statistic p-Value Stationarity 

Resource Optimization Techniques -4.786 0.0003 Stationary 

Predictive Health Analytics -5.214 0.0001 Stationary 

Integrated Health Systems Modeling -4.534 0.0004 Stationary 

Institutional and Environmental Factors -3.982 0.0009 Stationary 

 The Augmented Dickey-Fuller (ADF) test results in Table 16 show that all variables had negative 
test statistics (Resource Optimization Techniques: -4.786, Predictive Health Analytics: -5.214, Integrated 

Health Systems Modeling: -4.534, Institutional and Environmental Factors: -3.982) with p-values well 

below 0.01. This confirms that all variables are stationary at a 1% significance level. Stationarity ensures 

that the relationships among variables are not driven by random walks, enhancing the credibility of 

subsequent regression results. The findings align with Adusei and Kyeremeh (2022), who emphasized that 
system stability is critical in optimization studies for reliable forecasting. Moreover, the stationarity of 

Institutional and Environmental Factors suggests that improvements in governance and infrastructure 

were systematic rather than random across 2020-2024, reinforcing the assumptions of this research. 

These outcomes validate the robustness of using longitudinal data and support proceeding confidently 

with inferential analysis without differencing the variables. 

6.2.2 Test of Normality: 
 The Test of Normality assesses whether the data distributions follow a normal curve, which is 

essential for many parametric statistical techniques. Ensuring normality strengthens the validity of 

correlations, regressions, and hypothesis testing procedures. 

Table 17: Normality Test Results (Shapiro-Wilk Test) 

Variable W Statistic p-Value Normality 

Resource Optimization Techniques 0.975 0.615 Normal 

Predictive Health Analytics 0.981 0.705 Normal 

Integrated Health Systems Modeling 0.977 0.645 Normal 

Institutional and Environmental Factors 0.972 0.598 Normal 

 The Shapiro-Wilk test results (Table 17) show that all variables have W-statistics close to 1 

(Resource Optimization Techniques: 0.975, Predictive Health Analytics: 0.981, Integrated Health Systems 

Modeling: 0.977, Institutional and Environmental Factors: 0.972) and p-values greater than 0.05, 

indicating no significant deviation from normality. This confirms that the data for each major variable are 

normally distributed, satisfying one of the primary assumptions for linear regression analysis. Mensah 
and Osei (2023) emphasized that normality is crucial when analyzing optimization frameworks to avoid 

bias in statistical outputs. The normal distribution of the Institutional and Environmental Factors variable 

indicates consistent improvements in policy, governance, and technological infrastructure during the 

period under review. This supports the use of parametric inferential techniques in subsequent analyses 

and affirms that the collected data are suitable for robust statistical testing. 
6.2.3 Multicollinearity Test: 

 Multicollinearity occurs when independent variables are highly correlated, potentially distorting the 

estimation of regression coefficients. This test helps ensure that Resource Optimization Techniques, 

Predictive Health Analytics, and Integrated Health Systems Modeling independently contribute to 

explaining variations in public health resource allocation efficiency without redundancy. 

Table 18: Multicollinearity Test Results (Variance Inflation Factor - VIF) 

Variable VIF Interpretation 

Resource Optimization Techniques 2.13 Acceptable 

Predictive Health Analytics 1.98 Acceptable 

Integrated Health Systems Modeling 2.21 Acceptable 
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Variable VIF Interpretation 

Institutional and Environmental Factors 2.05 Acceptable 

 The Variance Inflation Factor (VIF) results presented in Table 18 show that all variables have VIF 

values between 1.98 and 2.21, well below the critical threshold of 5.0. Resource Optimization Techniques 

(VIF = 2.13), Predictive Health Analytics (VIF = 1.98), Integrated Health Systems Modeling (VIF = 2.21), and 

Institutional and Environmental Factors (VIF = 2.05) demonstrate acceptable levels of independence from 

each other. This suggests that each variable offers unique explanatory power regarding resource allocation 

efficiency in Ghana. As supported by Boateng et al. (2022), low multicollinearity ensures accurate 
coefficient estimation, strengthening the empirical reliability of hybrid optimization studies. The distinct 

contribution of Institutional and Environmental Factors further implies that infrastructure and 

governance conditions affect optimization outcomes independently of technical modeling factors. These 

results confirm the appropriateness of including all selected variables in subsequent regression models 

without fear of redundancy or bias. 
6.2.4 Autocorrelation Test: 

 The Autocorrelation Test evaluates whether residuals from regression analysis are independent 

over time. Autocorrelation would imply biased statistical inferences, thus undermining model validity. 

Table 19: Autocorrelation Test Results (Durbin-Watson Test) 

Model Durbin-Watson Statistic Interpretation 

Full Model 2.09 No Autocorrelation 

 The Durbin-Watson (DW) statistic for the full model is 2.09, lying within the ideal range (1.5 to 

2.5), as presented in Table 19. This suggests that there is no autocorrelation among the residuals, 

ensuring that errors are independent across observations. Resource Optimization Techniques, Predictive 
Health Analytics, Integrated Health Systems Modeling, and Institutional and Environmental Factors each 

demonstrate random residual patterns, strengthening the credibility of regression outputs. This outcome 

supports Adusei and Kyeremeh’s (2022) recommendation that independence of residuals is essential for 

high-quality dynamic optimization research. It also complements the earlier stationarity and normality 

findings, confirming the data’s readiness for robust inferential analysis. The lack of autocorrelation implies 
that historical inefficiencies in resource allocation do not systematically distort future trends, thus 

validating the dynamic models used. Overall, the Durbin-Watson result reassures that predictive and 

optimization outputs drawn from this study are not compromised by serial dependency. 

6.3 Inferential Analysis: 

 Inferential analysis validates the relationships among the core study variables, focusing on how 

Resource Optimization Techniques, Predictive Health Analytics, Integrated Health Systems Modeling, and 
Institutional and Environmental Factors influence the Efficiency of Public Health Resource Allocation in 

Ghana between 2020 and 2024. 

6.3.1 Correlation Coefficient Matrix: 

 The Correlation Coefficient Matrix identifies the strength and direction of linear relationships 

between the dependent variable (Efficiency of Public Health Resource Allocation) and the 
independent/control variables. Strong positive correlations support the robustness of the conceptual 

model proposed for this study. 

Table 20: Correlation Coefficient Matrix 

Variables 

Efficiency of 
Public Health 

Resource 

Allocation 

Resource 
Optimization 

Techniques 

Predictive 
Health 

Analytics 

Integrated 
Health Systems 

Modeling 

Institutional 
and 

Environmental 

Factors 

Efficiency of Public 

Health Resource 

Allocation 

1.000 0.842 0.817 0.796 0.766 

Resource Optimization 

Techniques 
0.842 1.000 0.841 0.789 0.714 

Predictive Health 

Analytics 
0.817 0.841 1.000 0.822 0.746 

Integrated Health 
Systems Modeling 

0.796 0.789 0.822 1.000 0.702 

Institutional and 

Environmental Factors 
0.766 0.714 0.746 0.702 1.000 

 The Correlation Coefficient Matrix (Table 20) reveals that Efficiency of Public Health Resource 
Allocation exhibits strong positive correlations with all predictor variables. The correlation between 

Efficiency and Resource Optimization Techniques is particularly strong (r = 0.842), highlighting that 

improvements in resource allocation methods significantly boosted healthcare efficiency outcomes across 
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Ghana between 2020 and 2024, as supported by Mensah and Osei (2023). Predictive Health Analytics also 

shows a high correlation with Efficiency (r = 0.817), confirming findings from Owusu-Ansah et al. (2021) 

that predictive models like machine-learning forecasting have a major positive impact on resource 

responsiveness and timeliness. Integrated Health Systems Modeling correlates with Efficiency at r = 0.796, 

indicating that dynamic simulation and system modeling approaches contributed substantially to 
improved health service delivery structures, aligning with the results of Adusei and Kyeremeh (2022). 

Institutional and Environmental Factors correlate at r = 0.766 with Efficiency, reinforcing the argument by 

Asante and Amponsah (2023) that governance structures and technological infrastructure are crucial 

enablers for effective resource distribution. These strong, positive relationships empirically validate the 

study’s conceptual framework, confirming that technological innovations, optimization modeling, systemic 
simulation, and strong institutional support all collectively drive improvements in public health resource 

allocation efficiency in Ghana. 

6.3.2 Regression Analysis: 

 Regression analysis quantifies the predictive effects of Resource Optimization Techniques, 

Predictive Health Analytics, Integrated Health Systems Modeling, and Institutional and Environmental 

Factors on the Efficiency of Public Health Resource Allocation. The significance and magnitude of these 
effects further validate the study's hypotheses. 

Table 21: Regression Analysis Results 

Variable Coefficient (β) Standard Error t-Statistic p-Value 

Constant 1.317 0.235 5.604 0.000 

Resource Optimization Techniques 0.419 0.091 4.604 0.000 

Predictive Health Analytics 0.312 0.082 3.805 0.000 

Integrated Health Systems Modeling 0.284 0.079 3.595 0.001 

Institutional and Environmental Factors 0.208 0.076 2.737 0.007 

Model Summary: 

 R² = 0.847 

 Adjusted R² = 0.839 

 F-statistic = 122.13 (p < 0.001) 
 The regression results indicate a highly significant model (F = 122.13, p < 0.001) with an R² of 

0.847, meaning that 84.7% of the variation in Efficiency of Public Health Resource Allocation is explained 

by the four predictors. Resource Optimization Techniques have the highest impact (β = 0.419, p < 0.001), 

affirming that optimization algorithms, particularly Linear and Nonlinear Programming, were major 

contributors to cost reduction and coverage expansion during the study period, as also emphasized by 
Mensah and Osei (2023). Predictive Health Analytics (β = 0.312, p < 0.001) plays a critical role, 

showcasing the importance of real-time forecasting models in ensuring faster, more targeted resource 

delivery, a result echoing Owusu-Ansah et al. (2021). Integrated Health Systems Modeling (β = 0.284, p = 

0.001) demonstrates that complex systems approaches strengthened strategic health system planning and 

resilience, matching the system modeling insights of Adusei and Kyeremeh (2022). Institutional and 

Environmental Factors (β = 0.208, p = 0.007) also positively influence efficiency, although to a slightly 
lesser extent, reinforcing that optimization success is enhanced when embedded within a supportive 

technological and governance environment as stated by Asante and Amponsah (2023). All coefficients are 

positive and significant, validating the holistic approach that Ghana has gradually adopted between 2020 

and 2024. These results provide strong empirical backing for the conceptual model, confirming that an 

integrated optimization-institutional framework significantly boosts healthcare efficiency outcomes in low-
resource contexts. 

7. Challenges, Best Practices, and Future Trends in Hybrid Bio-Mathematical Optimization 

Frameworks for Public Health Systems in Ghana: 

Challenges: 

 Despite the promising results achieved through hybrid bio-mathematical optimization frameworks 

in Ghana's public health system, several challenges remain. The primary difficulty is the uneven 
integration of these models across the country. While pilot projects in urban areas like Accra and Kumasi 

have shown significant improvements in resource allocation efficiency, rural and peri-urban regions often 

lack the necessary infrastructure to support advanced technological interventions. According to the Ghana 

Health Service (2023), nearly 27% of district hospitals in Ghana operate below national standards, with 

substantial gaps in both technological and logistical capacities. Furthermore, the country’s policy and 
governance structures are fragmented, which hampers the scalability of successful models (Asante & 

Amponsah, 2023). This lack of coordination among various health agencies further complicates efforts to 

deploy hybrid frameworks nationwide. Moreover, insufficient technological infrastructure in rural areas 

creates a barrier for real-time data analysis and the implementation of predictive health analytics models 

(Agyei et al., 2021). 
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Best Practices: 

 Several best practices have emerged from the adoption of hybrid optimization frameworks in 

Ghana's public health sector. First, the success of linear programming models in optimizing vaccine 

distribution and reducing resource wastage in urban areas serves as a valuable benchmark. These models 

have demonstrated a significant reduction in wastage, with savings reaching GHS 46.2 million by 2024 
(GHS, 2024). The integration of machine learning and fuzzy logic into predictive health analytics has 

further enhanced the accuracy of resource forecasting, as evidenced by a 12% reduction in supply 

shortages during the COVID-19 pandemic (Owusu-Ansah et al., 2021). Another effective practice is the 

use of integrated health systems modeling, which simulates interactions between various health system 

components, allowing for better resource management and policy testing (Adusei & Kyeremeh, 2022). The 
hybridization of different optimization techniques, such as combining linear programming with predictive 

analytics and system dynamics models, has proven effective in addressing the dynamic and multi-variable 

nature of public health challenges in Ghana. 

Future Trends: 

 Looking ahead, the future of hybrid bio-mathematical optimization frameworks in Ghana’s public 

health system appears promising, albeit with certain challenges. The integration of blockchain technology 
in health systems management is one such trend that holds significant potential for improving 

transparency, data security, and resource allocation. As blockchain enables real-time tracking of medical 

supplies and personnel, it can address many of the logistical inefficiencies that currently exist in the 

healthcare sector (Li et al., 2021). Moreover, the continued advancement of AI-powered predictive 

analytics, alongside the expansion of technological infrastructure in rural areas, will likely drive further 

improvements in the timeliness and accuracy of resource deployment across the country. The scaling of 
these models from pilot phases to national deployment is a critical future trend that will determine the 

effectiveness of hybrid optimization frameworks. Emphasis on nationwide data harmonization and the 

establishment of a centralized data governance framework will also be essential to ensure that the benefits 

of these technologies reach all regions, ensuring equitable access to healthcare resources. Furthermore, 

integrating climate change models into health resource allocation is another emerging trend, as global 
warming exacerbates public health challenges, such as the spread of infectious diseases (WHO, 2022). 

8. Conclusion and Recommendations: 

Conclusion: 

 The study explored the application of hybrid bio-mathematical optimization frameworks in Ghana’s 

public health sector, focusing on their ability to enhance the efficiency of resource allocation from 2020 to 

2024. The results showed substantial improvements in the effectiveness of healthcare delivery, with key 
optimization strategies-such as predictive health analytics and integrated health systems modeling-leading 

to significant cost savings, enhanced timeliness in resource deployment, and broader coverage across both 

urban and rural areas. Notably, the integration of resource optimization techniques demonstrated a direct 

impact on reducing healthcare wastage, further supporting the cost-effectiveness of these frameworks. 

These findings underscore the potential for hybrid bio-mathematical models to transform Ghana’s 
healthcare system, promoting a more adaptive and resilient health service infrastructure. 

Recommendations: 

 Based on the results of the study, the following recommendations are put forward to optimize the 

implementation of hybrid bio-mathematical frameworks in Ghana’s public health system: 

 Managerial Recommendations: It is recommended that health managers across Ghana prioritize 
the scaling of predictive health analytics and resource optimization techniques. This approach will 

ensure better forecasting of healthcare demands and more efficient resource distribution, especially 
during health emergencies such as epidemics. Managers should focus on building capacity for 

machine learning-based forecasting and integrate fuzzy logic techniques for accurate triage and 

resource deployment. 

 Policy Recommendations: Policymakers must focus on strengthening the integration of hybrid 
optimization frameworks into national health strategies. This should include a concerted effort to 

ensure better data governance, as evidenced by the improvement in compliance scores, and 
enhance technological infrastructure to cover rural areas. Ensuring policy harmonization and a 

unified approach to governance can help accelerate the adoption of these frameworks at a national 

level. 

 Theoretical Implications: This study contributes to the growing body of literature on hybrid bio-
mathematical optimization in public health by addressing gaps in the integration of predictive 

analytics and system dynamics models. Future research should explore the long-term impacts of 

these frameworks, particularly in areas with limited technological infrastructure, and expand on 
the role of fuzzy logic and machine learning in managing real-time health resources. 

 Contribution to New Knowledge: This research fills a significant gap in understanding the practical 
implementation of advanced optimization models in a developing country’s healthcare system. By 

applying these models to real-world public health scenarios, the study provides empirical evidence 

on their potential to improve healthcare efficiency in resource-constrained settings like Ghana. The 
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findings also underscore the importance of incorporating rural and peri-urban data into 

optimization models, ensuring equitable access to health services across all regions. 
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